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Online Segmentation of Daily Actions
Using Time Series Likelihood of
Switching Dynamical Systems

*Kana Oshima, Masamichi Shimosaka, Taketoshi Mori and Tomomasa Sato
The University of Tokyo

This paper presents an online supervised segmentation method of daily actions like walking and sitting. The proposed
method utilizes switching models of two dynamical systems to represent segmental boundary of human motion. It consists
of three phases based on the pattern of time-series likelihood of the switching models. 1)Candidates of the segmental
points are detected without omission. 2)The candidates are refined by matching algorithm using time-series likelihood of
the correct segmental boundary. 3)The segmental points are output from the candidates by considering latency due to the
decision. The experimental results using real motion capture data show that the proposed method are effective for online

segmentation of daily actions.
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